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Abstract: Dense video captioning aims to localize events in an untrimmed video and generate a corresponding cap-
tions for each meaningful event. Existing methods mainly utilize the source video input to generate captions, and
these methods are unable to capture the implicit knowledge in the video, i.e., the multimodal memory knowledge such
as visual, audio, text, etc., implicit in the video, where the multimodal memory knowledge can be understood as a col-
lection of meaningful words corresponding to the objects, actions, and attributes within the video. In order to solve the
problem, an approach of dense video captioning based on the multimodal memory knowledge was proposed. Not only
the multimodal information of the video itself was utilized, but also the multimodal memory knowledge related to the
video was expanded, by which the accuracy of dense video captioning generation was greatly improved. Firstly, a
multimodal memory knowledge base was constructed, a modal sharing encoder-based event localization module was
designed to achieve deep fusion between multimodal features of the source video and generate high-quality event pro-
posals. Then, visual, audio and textual memory knowledge closely related to the candidate event proposals was re-
trieved from the multimodal external memory knowledge base as a priori information for caption generation. Finally,
with the designed memory-enhanced decoder, the multimodal memory knowledge and video multimodal information
were effectively combined to generate detailed and dense video captioning. The results of extensive comparison ex-
periments with current mainstream algorithms on ActivityNet Captions and YouCook?2 datasets as well as ablation ex-
periments demonstrate the effectiveness of the method.

Key words: dense video captioning, multimodal memory knowledge, memory-augmented decoder, cross-attention
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ActivityNet Captions 4R NE 6 7 20 000/
YouTube fE47, S 11 849 AN /NEF AL AN 2%, &
100 000 N HAT v B, P3RS B it
3.65 AN A I A BRI N TG o 2B S 55
NI (50%) . HiE%E (25%) Fl ik &
(25%) o HETMAAEA RN THIR, Frf sl
TR 25 R BRI UE S F3RAS .

s ()

“A person throws

a Frisbee for her Output ‘l ”j iﬁﬂ
dog to retrieve Embedding| > H E_ﬁ

during an event on Pl

ICICE AR E | <N

“A person throws
a Frisbee for her
dog to retrieve
during an event on
a sporting field.”

B > 2| Linear Softmax

RRVA: L
e wil=
a sporting”
| T (T |
ZBIMRICALENIN

K5 DI s a ds
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YouCook2 %4 &1, 29 2 000 4> A 4 B 48
HZ 2= . 5 ActivityNet Captions (i 45
FEALL, BT A SEER VPG 45 RAE SIS 3R . You-
Cook2 Hr# 42 3405 1 333 AN ZR ML AT 449 4N 56
UM, X LE A P 3558 5.3 min, &AL
T 7 8 AT
3.2 THEIEHR

AR SCR B 7 SR AL Al T ok E A A
R OO VA1 i YA oY Al R = = N TR= s e
FENAES, ATHEARBE{0.3, 0.5, 0.7,
0.9} FIFAL T F A2 R H a2 (Reo) . HEH
% (Pre) MF1% (F1 HFEME, *F TR
AR S, AR FE R R E
METEORP!Y (M), BLEU{3, 4}P% (B3,B4) #iI
CIDEr (C) fahr. SEA R8¢, Acfl
FI METEOR V¥4 /£ 4 1 ZE M BEVE Al FE 4 o
33 ZWIEE

TESEIG IR b, AR SCHRELT 48 % 433 128
1) & AURETIE A 768 AT REAE, F48 H K-means
SR B AR I AR B AR AE 23 53l A B 48 /N R
TG 84 R % . WG R,
LR K NE BN 16, R T HIRIZE LA R0E
AT, A SO 5 AU A AR E R AE A S S &
800, X FIRHUAI FAFHIEZR, NIREBEEESE S
B 100 MRS . EME 2B ILIZ AR
FERF, A SR BEAE ] K-means 532 42 i 500 /N1
il AT 1 000 AN AR A5 . 7E AR A RO AR AR
B, R G 35t AR DL FEE 45 43 B v 1D 150 AN AL
AR SCACAZ AR, IR R R A 2 A
BE. X FRRERS, FHKEREAEY
AL R KP I K . S A RA gD 4%
AL s B R R E N2, BERT4D
EZSE - WakiIN RN BE R aFe:E S Rl R e
LI B T B, e AR I e KA R A
930, S H IR R N T A a2 AT R DR Ak
AR Adam BRALES RARAL M 25 S50, Fg

SIFWE A 5107,

BEAN, A SCIE 3 AT T IR AR AR AE TS A
[F] 50 4 1) 11 547 25 R 6 I B B 1) M RE R
3 il ik 2% 7E ActivityNet Captions F1 YouCook2
Bl LIk miE 6 s, R TRk A
Ji A TE W ZRBY BB SR 1 0, G v O A
FEGTE 92 kA9 IEN G, BURMBRFEEFE T
B . FE A 4 iR %% F ActivityNet Captions Al You-
Cook2 e iiF 4 b iytEre i Ze &l 7 fros, JEOR T
TR A B AR AE S UE Y BUI MERE M 2. AT SE TR
HI{E L % 4 > NVIDIA GeForce RTX 4090 1] il 5
#x E e .

0 2 4 6 8 10 12 14 16 18 20
epoch

(a) ActivityNet Captionsil| Z i 2

—_
N
T

1 1 1 1 1
0 20 40 60 30 100
epoch
(b) YouCook2l| Zi# 4

El6 HH{FIRAR{E ActivityNet Captions Fll
YouCook2 H#i £ b (Il Z5451 2k
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14 H=—83 BMTRURAAL, At S 4R AR e, 8
—»—B4

11.720 78

—4—METEOR

6l 52669

2 4 6 8 10 12 14 16 18 20
epoch
(a) ActivityNet Captions¥jiF£E M RE i 2

16 F|—=—B3
—e—B4
| | —*—METEOR 13.628

20 40 60 80 100
epoch

(b) YouCook2HyiEA 1tk e i1 2
E7  F{FR AR TE ActivityNet Captions il
YouCook2 5iiF 52 b [ g 2k

3.4 TMEEEEEER

FF ActivityNet Captions #4 5 (1) % 77 % 5E
PEPERE L LR 1, IR T % J7 15 1E ActivityNet
captions 3R iF 68 (1) 128 KE A FEFI F1 70 £ 55
FARMVEREFRSR, A SCHEFL 0% FHUS T defE
Peft. PDVCI @ H i F AT, S
REOREH T SR B S E 1 (R I SR T L B A
AL RE . Vid2Seq 5 DIBSPi it 51 A i 4
THRREE R, IR F R & o N AR AR AT I
S5, SZULTVERETRARHIIDMT, (H T RA ST
W e e e dn i, HoEM RN RS . 5

THEZHHEMFRSE, IR & % R H0E TR K[E
I, fESIFENREIRIUE . thAh, ATE
EBMTP I SERN b, GBI M@ AL 30K,
AR 7 2GR A, Wit — R
TH T H AL e

%1 #ET ActivityNet Captions #1BE 0
B REM T RELL I

ActivityNet Captions
G T
Pre Rec F1

BMT?! 48.23 80.31 60.27
pDVC! 58.07 55.42 59.64
Vid2Seq™! 52.70 53.90 52.40
UEDVCH 60.32 59.00 59.65
Streaming GIT®®! — — 50.90
Streaming Vid2Seq™*” — — 52.90
DIBSH 58.39 53.02 55.57
cm 56.81 53.71 55.21
AR 52.60 74.15 61.55

BT FL S HAT B TR AR B iR (With
GT Proposals) F1 2 T {1 $/2 22 5] 18] 81 AR B 1) il
& (With LR Proposals) & PFA 55 14 4% i 14 BE 1
WHITVE . AR SCH R B LE YA 25 R 43l
5 H A 5 34T T . T ActivityNet Cap-
tions £ 4 A OB AL 1 g LU AR LR 2, AT DAL %2 2]
FEPIMANF 26 AF T, A3 B3 MTMETEOR 14 REFSF
SIS T RS R, RS T AL FRE R
BN £ 5RELHA BMT BT A, A0
H T EAE B3 fabs ESCIL 1 13.8% H$e T, 1
METEOR PPt # b5 L SEBL 1 7.5% H9§ Tt . il id
F e 2 SO RN IR, IR 2R AH O¢ 32 i AR
W BRI SRR AR BRI AR Y, AR SO AR S
LT & TR AR ) 5 2 T . #E With LR Proposals
AT, ARSCERLFERESEI T YRR T
i 5l /& /£ METEOR #E 45 b, 5 8 5] ASCAE
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2 AR CM? LR A 1) T 3.4% HO4RTH. M Bt
R YCRECAZ IR A 2 B FH T35 SR AN AT 3 40
B, R TR IR B, A R R A S
AACIZHR, M TRELHA PDVC, [FIFEES
TP FE AR EISEIl T REET, #—PuEsk T
TCAZ AR IR AR i B O T OR B LA iR
e R Z L, AIEFFE M B IRE TR %
i FARE, RREH s EEER 4N
DL TR . X TUAR AR T 5 AR A T
() CIDEr 4845, MM -3 EE AL AE CIDEr 845 E %
AR TS o

#2 ET ActivityNet Captions #E 5 RUIE B M BELL 45

With GT proposals With LR proposals

X LT
B3 B4 C M B3 B4 C M
MDVC™ 452 1.98 — 11.07 2.53 1.01 — 7.38
CMETN'™ 470 2.04 — 11.06 3.50 1.64 — 858
MSFTN'"™ 452 191 — 10.93 347 1.64 — 8.69
PDVC!'  — 3,07 52.53 11.27 — 1.78 28.96 7.96
BMT® 4,63 1.99 42.00 10.90 3.84 1.88 11.52 8.44
CMPT 469 219 — 11.08 3.98 1.84 — 893
EMEA®" 443 194 — 10.55 3.75 1.87 — 833
DIBS"! - = — — — — 31.89 893
cm - = — — 2.38 33.01 8.55

AICKA 527 2.34 4556 11.72 4.24 2.07 13.03 9.24

BT YouCook2 Hl A A A MERE LU LR 3,
JE7R T ARSCHE ) 7 15 4E YouCook2 #5458 b5
o5 LA IR AR R I R R I . AT VEAE S
SERE YR S T R E R IR T, JF HAERGR
AT R TE G . Bk, fEMT S
BB ALRE I FLAR R b, A SCRR A O 2
R BMT R 51 A SCAEAZ AR K CM? 43 31 45
B 7 8.5% A12.7% K $E T+ . £ METEOR 4845 L,
AR SCAR A R B BMT HUAS T 29.2% 11 K i 42
Th, TG CMP BRI R L, AR SCHUAR T 8.3% Itk
BEPE Tt . ST ActivityNet Captions #5451 45

RARL, AN OR B R F AR 2 A, 1E CL-
DEr fabs ERIRIFA R

%3 ET YouCook2 HiEEEMR B BELL IR

With LR proposals
Xf T
F1 Pre Rec C M
BMTR! 26.90 — 8.20 5.10
MTR — — 9.30 5.00
E2ESGP* — — 25.00 3.50
GIT™ 17.70 — — 12.10 3.40

PDVC' 2681 3237 22.89  29.69 5.56
cm? 2843 3338 2476  31.66 6.08
AR 2920 3775 23.79 15.56 6.59

N T 33— D 5T CIDEr 48 b 2 IR X 4 55 11
JRER,  ASGEX AR FR R A 7 AT 11,
BT AR A 7 L RE LU 4. AN
F4n] LLE 3 B T3 m 2 AR R Y (1) 4 Fh
PR AR 2, B Anchor-based. Anchor-free.
Pointer Network PL J2 Event counter. 7E With GT
proposals &+, 2% 3C CIDEr 1543 5 HoAth 77 2 1%
BEAH 24 . 1M 7€ With LR proposals 514+ T, T
Anchor-based Fll Anchor-free i 28 A& il 75 2244 CI-
DEr 1373 S R AN o A SORE I3 G0 1) B i
K Z % T Anchor-based 5% Anchor-free [ & 4=
BT V2K FH OR B BLAS TEAS 7 dse e 1) 100 A ElRE 22
RFEAFR RN TTE, R A REIURIHTR
%, ERESEZ KR, FEERERMR S
% (1) CIDEr i3 #5145 7> T . J& T Pointer Net-
work [ 77 1R BT IR i R E $i 52 10 IR
A E ST, 2T Event counter ¥ /5 7% U i
id Event counter 5 S TN A 2, WFH R
W TIURIRE, CIDErf8hrikIHEI RiF. H
fERERAE, 2T Pointer Network 1) 77 A 7E TAE
BRSP4 T RER SRR, ARS8
HEFEAE TR T 1



- 145 -

BERNE 2025 FE 9

x4 ETTRRERERGNREERELLE

With GT With LR
S HE 5 PRz R proposals proposals

C M C M
BMT®! Anchor-based  42.00 10.90 11.52 8.44

MTE Anchor-based 47.71 11.16 9.25 4.98

MSFTN!"I Anchor-free 3835 1096 7.65 8.16
CMETN! Anchor-free ~ 41.04 10.77 847 8.77
SDVC™  Pointer Network 43.38 13.07 30.68 8.82
PDVC! Event counter  52.53 11.27 2896 7.96
MPP-Net®  Event counter ~ 50.07 10.59 29.76 7.61
AR SCARAY Anchor-based 45.56 11.72 13.03 9.24

3.5 HEASLL
351 BARSRICA IR B A ARR M AL 0 B

ARSONHE 2 ARSI A AR AR AT T
THRALSELS, BB BRI IRERE T B
A B R AR RN B T A R A R iR
A T RMEREM R . B BIHRERE LR S, 4
ELEL 7 6 M AR AL AL AR (1) ~ (6), HFE:
FRARTY, FRAARTY 7y il O B B AU SO
I HR PR, FRLBIAY [R] I L B AL . SRS
ARSI EN IR, DL R RS [R] i e B . AL
B SCAICAZEE RN S AR T . BRI B
k.

(1) Baseline F 7~ AR LAY

(2) Baseline+Text 7% 7~ fiff FH 5k 26 A5 84 i B S
TR rAVSIEA

(3) Baseline+Visual & 7~ f8 F] 2k 25 5 2 fic &
E R TRR VAV SIRTAYE

(4) Baseline+Audio & 7~ i F 2 28 5 B it &
HREAZF IR

(5) Baseline+All 2 7 {i F 55 26 155 71 [A] 15 ic
B BSOS EIRE .

(6) Baseline+All+Gate 38 7~ i i 25 £ 1 7Y
[F) BN PG B A0 L S S AR A B R A T 4
CEE

NS AT LA B, A I
Tt 7 BiRfE METEOR. BLEU{3, 4}l CI-
DEr f b5 ERIRI . 1% — &5 FAESE T A ST )y
PR M, R T R AZ K0 R AT BLA R A A AR
W AN AR R R A 2 AN R AR . [H]
INf, JELEASE AL [N BB 4 DA B SR
125 P B A3 20 S T B S A e A2 R R
(RS R AR (1550 B ORI T, X R T AN A
BIILIZ AR RS W FE TR A ot #2 . 2R
M, FEILZAHRICRLS R, BRRI T KRS
JERUATAE SS I A2 E0 iR, (HAB A P S 5 N T
TUR ERMGEE. Fk, ALBERI W%
FHFBR & 2 B AZ 52, 32 i DT T K il il m]
(B, @ AR (5) MAE (6) [h9eihss
B, ATRAUEBA, T4 4 R % 1 N VT B Y Te A2 0
W AE R . B 1% W4T 2 B8 B R
W, BRYLE B3, B4 AIMETEOR $5 45 _E 43 5 S
T 3% 6% F11.8% T RESRTT -

AT T BN FIR R AN T4
28 B 5 B A 2 B RO HE B AR AL, B AL

®"5 BARRMERE

ST With GT proposals With LR proposals
B3 B4 C M B3 B4 C M

Baseline 4.87 2.06 43.69 11.18 4.06 1.90 13.09 8.91
Baseline+Text 5.15 2.18 43.62 11.48 4.12 1.91 12.59 9.02
Baseline+Visual 5.03 2.16 47.09 11.27 4.18 1.97 13.59 8.95
Baseline+Audio 4.94 2.14 44.40 11.32 4.08 1.91 12.74 9.01
Baseline+All 5.11 2.20 45.27 11.51 4.22 2.00 13.03 9.08
Baseline+All+Gate 5.27 2.34 45.56 11.72 4.24 2.07 13.03 9.24
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HAEMERE N L 6. Hrh, Params /-S4
&, Inference Speed JyAH [F 4 5% 14 1 15 7Y 56 B
PLBR P S5 HE B FE o AR SCHR 7 ik iE 5l
ZRAICILENR, FEAREF B RHE T A )
i ey, SECTEMSHENIM. A, B
TEA IR I 55 5 e A2 50 IR FEEAT UL IE, 4B
JEE 32 4 SEBR AR 13 5 T RE R e, R B Y
HEFE LI T B SR, SIS LI AR B
ANT] 428 90 2% A5 Bt 4 K52 78 METEOR B AR SEEL T
4.8% HIPEREIR T, AR TAERR P RETURIE
FHRAE 22 BR DL S i 28 (1) S R T R TR
BRI AT R

*6 RETEMEMRE

" J With GT
Params Inference Spee
G I roposals
R (MilD (secideo) —
M
Baseline 50.5 0.55 11.18
Baseline+All+Gate 86.5 0.87 11.72

352 ZARAAE BRI AL 0 F R

AR SCERT T AN RS2SR AR T 455 28 1 R 1) 5 i)
HHHAT T ARSEES, Hit— DR T 2B RHE
R A SRS R TR . A ST A3 0] EE 7 B — A
BRHEA B IR . 3T Z RS A A, DA
TR B RS F S R IR R Y L SRS O R 35
2 ARAS AL A I AR A I X 3 iy 2T A A
RE, SHESLRG T IER R 7. ACFEFER
H T ETTEPREW R & MR Re R . %
B VER v AL a0 B 8 BT, AN A Y — 1S
EEAT F A A2 R 5O 55 T 25 T 2 S R A
FR 77, XA —PIE R T SR R AR
WA IRAE S5 B . R, MRSt
FOR I FH L RS G A 2% A AR 1) T A
TXF 2R AT ROk S 2 HEAE R
(177 VA B A B AT I R, X SR T A R S A
A SRR T4 B R A il A AR AE

®R7T BERERMEANER

With GT proposals
T W SRR

B3 B4 C M

v 234 102 861 655
459 195 41.83 11.18

487 206 43.69 11.18

<

511 220 4527 1151

11.51
45.27,

ey
oF 4
CUUJOZ < < <
]
e}

EZ

)
o
j?ozwwoz

| Il B3
l\é B B4
LE N
5 ! M
1 1 1 1
0 20 40

K8 AR R UL

3.53 B AL 4098 T Bk & xT AR A M AR 44

N TR FCULECAS R R A . & SRR SCAR
CAZFIAFOR S TR 5 3R A B RN 2 2] s, AR
YAEE T mys mg M m, €[50, 100, 150,200] 1170 H
ol mys mo Mm, 53 5 Z7R UL ECICAZ 3R 3R
HARRE, A SO H T A SR S AZ iR
(1) 3 AN AR A4 DA B B8 BT A R A 1 AZ RAR IR A
JEAE ActivityNet Captions 85 45 b £ X6 455 784 4 fig
¥ METEOR #& bR #E 4T 1 S0 H AL . S HESL1Z
SR UG T #6178 METEOR 1 RE OS2 40 14 9
fivs. SiRFH, IE RS IN ILEC (12 AR HoE
e PR TR Rl R A il e o AR, 2 — 2D Y
IMUEECICIZ AR R 2 SO T e RE R R, X
ARSI 2 2 AR = R T ORI, H
55 7RI RE
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50 700 150 200
TOAZ A DG R

B9 HEES IO AR VT L HCR Y AT METEOR 1 B8 [ 52 1

11.0

354 REHFEA MGG T W

N T AR TR B AN R B 1 F A 3R o AR
RE M RE A, Ao BI%E L T K 100 250 50,
100 %A AL 5L T A 3 28 28 it i 1) 1 e 45
Gy LA BT E RLRE ), 4R SR R 5
W8, WLLER], B R KSR R AR
T, AV FL. B3. B4 LLK METEOR #5457 34H
FiE T, 1fi CIDEr 48 bR 2D F BRI . X b Iy 2
&, BEEFRMREREEENIN, FEER
e, ik, BRI FL % s, 73 E n-gram
VCFE () BLEU $i b5 A13%: #35 L UCEL ) METEOR 75

FEFE LT BE, REEZREMFREAED
FEFMREMBUCRMMEOL, CIDEr f8br 8K
VEA AR Y 2 REPEAIRR I, SRS R R
JUAR, AR5 EE A CIDEr 485 T %

*8 REHENRENERERNT

i With LR proposals
REHE Fl
B3 B4 C M
10 53.52 3.62 1.63 14.7 8.69
25 58.52 3.80 1.73 13.3 8.92
50 60.97 3.93 1.81 12.7 9.01
100 61.55 4.24 2.07 13.0 9.24

3.6 EMELR

AR ICAE ActivityNet Captions £ 4 45 oW fir 42
7 155 HE LR AR BMT BA K BLAT 3¢ 6 38 05 1 M
HEAT T M EL#E . ActivityNet Captions TOP 100
A e he A A IR N 10 P, R T TR
T 15 BT BMT TOP K Mgk AR R 4R
BRI 7> A IR . (EAFER AR, AR
B A N R B T B R ) 2 R, “frisbee”
“dog” M “man” & JC B8 A 1 H B4 # B 2E
B

[F 0 TR AN A N LRR i B s gy, A
SCAHIMBMT. CM? LA K 8 H (R 70 T g 412 28

I 00.00 s—18.24 5
| 1.A man is seen standing in a field with a dog and leads into him
performing a trick
| 00.00 s—24.76 s
| 2.A man is seen standing in a field with a dog running
around
| 00.00 s—39.39 s
3.A man is seen standing in a field holding a frisbee and

I speaking to the camera
| 00.41s—63.59s

4.A man is seen standing in front of a dog performing
| tricks with a dog
I
I

00.82 534.69 s
100. A man is seen speaking to the camera while holding a
frisbee and holding a frisbee

| 00.00 s—14.91 s |
| 1.A man is seen standing in a large field with a large green shirt
and a large group of people walking around I
| 00.00 s—18.25 s |
| 2.A man is seen standing in a field with a dog running around
| 00.00 s—33.76 s l
3.A man is seen standing in a field with a dog and a man holdinga |
| frisbee I
| 06.63 s—93.12 s
4.A man is seen standing in a field with a dog and leads into him |
| throwing a frisbee |
|
I
' !

37.74s—92.82 s
100.He then throws the frisbee and the dog catches it

(b) AR

K10 ActivityNet Captions TOP 100 F-{F ik 3 Z2 4= ik
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FIZ ik £ 5 FLIC AT R S B S i 2 (1 FH AT
REHAT IR . ASCHEALE BMT. CM? E PE LA
B 1 R, E e PR A 2 T A
AR, AR T7 i LAY BMT A BB
e OB PRSI | FE R A P R A R o
E5CMIER| T R . I HA SR Hid
HOCBE ] RS IR e 11 20 I
T NTHE . BMT BIUHE . CM® BUHiE . 4
SCRERS PRI A, DL R ACAZ AR EE A i DE A B 5
FIR A O 5¢ BA = CHIR 2 AR, IR A RN
RVE B T DA R[] SCIRT UL E PR D7 V2R B A
B AIA ,  Xof DU TR v ) B m] L R B R AT 0
HURR. B WEA SR 5 BMT. CM?2E
TR, A STRE AR Bl () R0 o & S v . B AR
B, FEBEUREE2 Y, BMT A IEMfEE AR
B NS S, Kk 245480y “perform-
ing tricks with a dog” . 7= UL AL N F2 4L 1 #4503

I

047s oSl 2007
A man is seen standing in a field throwing a frisbee around with a dog
20,07 s $E2

g1 HEER A, Bt 7 e %
M ESMIER 5. EERFE3 T, BMT
[FIRE B BT N 5B K EEIAT N, CM°
iR FF 5 “The man continues to catch the fris-
bee with the dog”, #H IRMIN AFLH T 7 th7E 1%
KA, MASCEAIN 5 N TR —2, B
B T ##ii8 “The man throws the frisbee”. [F]i ] 11
W JE7R 1 FrULHEC 2 (130 12 HR B o il A ol
S S B B e A2 RN, IR SR 2
TP AR R A R G F IR SR AR .l
KR Z B ICIZ AR RS AP 2 RSE R
AR TT VA B TR A A R AT S UE R
Tt .

[EIF,  ASO AN [FC A2 50 R R AE A A 4 A A
B IVE AT T 08T o 02 R R R B A
SRR AN 12 PR, B i Tk = a4z
W A B AR TGV A B AR A A AT IR AE i

62.54s

PN /30

The man does jumps and flips with the dog while still throwing the frisbee
62.

54s 13 92.41s

The man continues to throw the object around with the dog jumping on him in the end

54s

The man moves around the frisbee with the d%g and performs seyeral tricks in slow motion with the dog
2007 s $fk2

WLk

A man is seen standing in a field with a dog running around
BMT 0.22s ENCY)

The dog jumps up and down as well as chases after the frisbee while the woman watches on the side

62.54 s F413 9241s
The man performs tricks with the dog while the dog jumps on his back

A man is seen standing in front of a dog performing tricks with a dog

149s

3 89.72 s

A man is seen standing in a large crowd with a dog and leads into him performing tricks with a frisbee

Hk1 72.10's

CM2

0.0s £ 18.25s

A man is seen standing in a field with algog running around
O

The man continues to frisbee with the dog and tricks with the dog.

68 s EiX 92.62's
The man continues to catch the frisbee with the dog

2 68.87 s

AR

The man throws the frisbee and the dog run around the field
59.80 s

FifE3 93.34s

The man throws the frisbee and the dog catches it

K11 AR b5 BMT.CM? & 1 He i 191
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ITHIBRKTES, K ia 3 F AR B “A man is
seen standing in a field and holding a stick”, Tfij il
W BINZREESIACFIRE, AT A R
R 8 AN [FIASE S 1) VR UL IE 45 SR A B B e g Al 22
FEALI A . BARIN S, H9l AFHELIZ AR,
BT B Al $2 5 M2 2R I AE AR Bl IR 3 P AR AR
KN E R, Bl “A man is seen speaking to the
camera”; 45| AL ICAZ RN, A5 7Y IF i 3 A
AR BRI 3 “lacrosse” . BEAL, SCASE T
FINACAZFN VA A Y A B SR A N A (1) )
¥, WHETE “A group of” F1HLIE “around”, X
FH RIS AR (3) ~ (5) X EL R 7R
B3. B4 fEtr LRFRTHEME 7SRRI MR, XK
], ZHEAICICEREERIR A B R IE T 23
FIVER, RESE AN B AN ARG o 1 A5 A0 T SRR AR )
AERATE, SCRICAZENRIR T T A R 1wl ik

GRS LR IAS T &I, (HAER
SE T AT AR AE R BR A% o G 8] 12 e 7= A AT ) A 3
AR SCRE YR B AE B N AR ) “in the
end”. CM? /] “continue” “then” ZEF iR, iX
17 0t B AR SCABE R A A g S A ] B B R N B
Fif AR 5 SR U 7 TRAFAE AR AN 2, BT 3 DAAE
&0 “In the end” “then” “after that” S5 7 iz
], KPR T AR R PR BT A AT

4 LERE

ASCHRW T AT 2L RN % 5

PRI TT % o %7 1k I 1) i 2 A I 2 i
P, A e A £ 2 A 8 A 2R 5 YR AR G FR AR
B EARI SCAZE R, DT 1 9 i 24 A J i ok £
HEWRIE I Z R . O 1A RS Z B IEIZ R
WEGRTUAY, ARSCBETE T — P RO 1] 428 W 28 5k 3
A 2B IEIZE N fEZBSRME T, &
AN ERAE, HiEd BRI
H LI TR Z RS FFAE R 5. 55T ActivityNet
Captions Fl YouCook?2 £ #5452 1) K & 5256 25 LA IE
VARSI R ITIENA B AR — PR R W
AT FE R B B 25 M a0k S A1 52 5 110 () IR B 26 3 25 5
RFEMRZE, LU - CIDEr 45 b5 AH X i 1 17 1)
T o [R] B K TR N IT 5 25 T A A A [B] 5% R
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