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Architecture scheme for edge AI agents based on cloud gateway

Gong Bo, Zeng Ying, Zhu Shu, Zhang Kang, Xu Yanping
China Telecom Corporation Ltd. Shanghai Branch, Shanghai 200041, China

Abstract: The edge Al agent based on the cloud gateway is an intelligent program or system which integrates edge
computing and artificial intelligence technologies. This agent is deployed on edge devices and edge cloud gateways. It
possesses the capability of identifying applications based on the cloud gateway, supports adaptive edge strategies, of-
fers high scalability, and has broad application prospects. At the same time, it also can impose certain requirements on
its architecture. The architectural solution of the edge Al agent based on the cloud gateway was primarily analyzed,
which could be deployed and implemented on a carrier network to realize the adaptive and scalable advantages of the
edge Al agent, serving as a reference for providing intelligent agent services in the deployment of next-generation
metropolitan area networks.

Key words: cloud gateway, edge Al agent, vDPI, converged edge
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