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Fraud call identification based on large language models and
event evolution graphs
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Abstract: In response to the rapid evolution of fraud call scripts, the reliance on a large number of labeled samples in
traditional methods, and the potential hallucination risks in end-to-end recognition based on large models, a fraud call
identification method based on large language models and event evolution graphs was proposed. By introducing the
concept of one-class learning, the zero-shot capability of large language models was leveraged to abstract caller
speech into standardized verb-object phrase event evolution chains without the need for negative samples. An incre-
mentally expandable event evolution graph was constructed through semantic similarity fusion, and risk discrimina-
tion was performed using key event node matching and connectivity detection. Experimental results show that the pro-
posed method achieves an F'1 score of 84.84% on a sample scale of 2 000 instances, which is further improved to
91.46% on a scale of 8 000 instances, with performance exhibiting certain scaling law characteristics as the sample
size increases. The proposed method provides a precise and scalable technical approach for identifying complex and
continuously evolving fraudulent behaviors.
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